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‘Automatic Identification and Classification of Wheat
by Remote Sensing

by David A. Landgrebe and Staff of
Laboratory for Agricultural Remote Sensing, Purdue University

Introduction

The primary purpose of this paper is to
provide a brief report on early results in the
automatic classification of crops from air--
borne multispectral data by the Purdue Lab-
oratory for Agricultural Remote Sensing.

The specific problem treated here is the auto-

matic detection of wheat in late June.

Remote multispectral sensing research
has been carried on at Purdue University for
about one year. This research on remote
sensing in agriculture is directed at estab-
lishing methods to determine by remote
means, species identification, state of ma-
turity, disease conditions, soil types, soil
moisture corditions and many other crop and
soil parameters.

Research workers from engineering and
the life sciences are cooperating at Purdue to
develop techniques to sense remotely (observe
and record from above ground level) agricul-
tural situations and to assess automatically
(review and determine by computer) their
important characteristics.

Early Results in the
Automatic Classification of Wheat

In the automatic detection of wheat in late
June reported here, it should be noted that
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wheat in the test site region (northcentral
Indiana) is near maturity. Results discussed
are contained on the four computer printouts
which may be interpreted with the aid of the
aerial photograph showing the flight line.

Figure 1 shows a portion of a computer
printout of the scanner imagery in pictorial
form. The computer program which produces
printouts of this type was written so that data
may be conveniently edited. Column numbers
at the top of the printout, and line numbers
at the left edge of the printout, are used to de-
termine the address of any given data point.

A comparison between the photograph and this
printout reveals a number of distinctive field
patterns such that orientation from the photo-
graph to the printout is easily possible. For
example, consider field A at lines 1381 to
1543 and columns 1 to 115 (Figure S pre-
sents this area in larger scale), which shows
a wheat field with oats planted in the center
of it. (Column numbers proceed from right
to left due to characteristics of the airborne
seanner.)

The results of a first, very unsophisti-
cated or simple, attempt at the automatic
classification of wheat is shown on Figure 2
and enlarged in Figure 6. The method used
in generating these results was as follows:

In one channel of data, the mean and variance
of wheat samples were determined. The
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The key used on this photograph to designate the primary agricultural cover is A - Alfalfa,
C - Corn, O - Oats, R - Rye, S - Soybeans, W - Wheat, P - Pasture, RC - Red Clover,

SC - Sweet Clover, TIM - Timothy.



Figure 1. Computer printout of
scanner imagery in pictorial

form .

Figure 2. A first, simple at-
tempt at autermatic classification

of wheat.
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Figure 4. The first attempt to
use truly automatic pattern rec-
ognition techniques.

Figure 3. Similar to Figure 2
but 4 channels of information
were used to simultaneously

classify wheat.



2 ZLRARKHXXXS X SHHHX el i 3 Ile*rHanss] 2L csensssnnnossnenwf[eos[j[[osene 1 L1[/OHXHXXHHHHH
2 TARXXSAXX XX XHHH .l. 1 r4 1 ‘H-l.l. *ee Z‘l“.ll.‘ll.‘.‘lll“““““[“/l|l‘ OHXHHXHHHHH
2 SHHX A XHX X L¥4 2] 3555555232221l %Hne . seee2 ([ 122ZZ¢snzoonovesenline]//[/]f[OXXXXXXHHHH
279 SHXHIXSAH XHXXX * ZHs=* 13 “‘l'l“lll“ll‘l”“ll"l“”lIH/[‘ OXXXXXHHHHH
28¢ HHHXSX AXHXH . S H=a® . & 027 0enstdeszoensen] “‘ll"‘ SAHHHHX 20X XX XHHNHHH
r HHHX HHHXX280® X 1 H=Z * $I07700lenknse72S5SS2SSOXHXXHHXSSE X XHXHHH
F HHSHH i"““' 125552H=2 uzgsssuxuxs ssxssssssss HHXZ*5X H
03  XXHXX SXHXHSX . Hal#* 2 S SAXSSSZLHSHHIL SSéHxI.O XS XHHHS ® 5 XH H
09 XXHH XHHRXHX X 2824 SIHs= 5 SZZ2IZLIXMZITLILSISSXXXXHXHHHS*ZX00 ]
XHHH HHRHXX il H=$ 3 §5SZZIXHXISSSXXXSSSSSSHH HO HHO
HHMH XHXXHHXH, > ¥4 g H=X ZlSlgSHHSSSX XXHXSS5SX XXX 000
HHHX XMXHS 3 31 X=$ 52121 xnnssssxssssxssxnxx H JHHOO
HHX XHXH s« 22%% Xa# Z¥ISHHHHISIZIZZI2ZSXSXHHHO {HQ
) HXX M $HHH X es8227 S=# ZIXHHHXXSZZZSSSSSAHAHHON 2/7
s HHX XZNXXXHHH X * i H=Z 5%S HHHHSXXXZZZZZXHS XHHHHHX XX HHH
H; SHX X=15% 3 HHHHSSSSXSZZIIISSXXHXXXXSSE =X$Se5X {
5 H, XX XM 255 SussS SX XHHHHHHXXSXXZSXXXXSEIS/ == === /SISIswenen]sfeSH 3
&3 X XXX X} X SSOZXnZXXSXXXXSSHXXZ##aoocsm =l5]S7esusnssals[sunnla[s[[/5X {HH
69 M XHHH} X kZSK—[*®/~— “u#SS2SeRZZ [/ (vs kR [ensn]ssassisel nnss]/SXXHXHHHH
5, M X 13 L . GSSew] /- &5588n #11% Iesl2ekenssssssenfotan] [snxssoes [/ XHXXXXHHH
8] H XHXXX * 1Ii7=" =</ 1%l 7S+ ZI1slsl7elesesnsnssnsnsssaenev] 1] SXXXXHHHH
& HX XXX XHHX 118} /=== == /1. sazZezszlonionsezslonlen2ns [&11 1172 XXXXHAHN
M X §Sll‘l-- — 3 (13433 11i%lllrenlnenesessllontnsdsns] s 2 I XX XHXHHH
99 X zers/ i X s6e77 $II%IIITI*ILso[o]040%20008 2500 7IXXXX XHHH
& H / SXMH XXM HHO st AT R PR AL PR R YA S A we][2XXXHHHY
[y X S [ iH *2%l2 L (IS LTI FA “‘le"‘““l‘ «ssa0 2886 ] /eS8 XHXHO
& - I3 Ell X H e . ‘tf L4 sksd "lztl_ 21l ®[ 1/ 1%%HH|
423 H H HHSZZ%* 111292 17322282252 éfeeliz[e]s#HOH
4 H 0 0 HESZee seeess9277S sg z§ zz SIzeZlZezeseSHO
4 Hi XH Q HHSSZZe2Z222222ZL2T92222LLSLIXSK H 5 727045300
Py . XK 9 sel JIse#II72I23T2158XXKS 2+58¢95X00000000
047  XXXXX * SH 0 HHS3eZesZe oITeZ2778221735X5 4 *¢73$X0000000¢
453  HSXAXS® . X 0 HX3SI*2Z sees6777755327 SSZ2Z7ie2%enijliselISHO 0
4% 4 i 525 L ( H [ ¥4 211 sn[eessa555S222se S2 e h y. Q (
455 X . X) H HHX3SIZ*e SZSIIII9222222825225552850%e S g
471 HHX i1ile AH 0 OHSS®IOZ227ZTZ2o2 2522208812222 1222557%155¢% H 0
a7 HHX! . s SO I OH %2222 shnl IS5Z1enleselasel2ls XH Q
483 HXX 33 X00HOO0H ( QHX3ZSenss .o [2SSeIs/*23 727445 §XXXH
48 HMX XHHHH M HHOF OHX a7l * Xe[l[exZ[28007 £35S 3
495  HXX H 1000000¢ 00X 1 S Zeealxsills “x[2e *
01 HHX H 0 ¢ HS . sezeexzeill *e2l7e .
0 X g < X 1 ezs[l[al[eken 1921« z M
13 X b HHHHOOHHHE X 1111 TEIIoTIe0I0127%0 1227 slslell30
[ X H . * 10H( 00¢ * . . 1 s 3
5 X ’ i 000t Q000X ’24 -of f (341
3 o783 I 33H00HK 0 ¢ . 112111% ¥ shie
$3 288 I XX MHEHOOHO 0 HHQO X 244 3 21 (1] [ 1 1F4
4 7258217 F S SXHON I zﬁ 2z * 00
3 ‘23 23%ee 2 E 00 u i 118 1 HH( Fiel
6 sssllssllen 0¢ HOOH - 1II%2%2
? 32[ee lf SH vguﬂl'ﬂ H X % XHXXAHR 0G0 ield
e i1/ ¢{» xxxgn XXXX XXX {HHHHHHO O A
1 sefesiolose SXXSxx3$ XXX XSZH; 4H FHHX F
g L34 boodd :;: 3 5%{::{ '.‘5' aib th ‘: ; tHHHH! H .ONH 4t
39 soee - Fetx et ssdadgeials 1HH {HOMOOHHOI 2000
60 H!lt!!!!!l!t X3 XXXHX] XAXXXXXHXXXS3SZREDL2LE5X FHHX HO0HO00H00H000000000000000

Figure 5. An enlarged section of the printout of scanner imagery shown in Figure 1.
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Figure 6. An enlarged section of an early attempt at automatic classification of wheat,
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Figure 8. An enlarged section showing the truly automatic pattern recognition technique.
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computer was then instructed to print a 'W'
for each sample point whose response was
sufficiently near this mean value. By com-
paring this printout with Figure 1 and the
photograph, it is seen that the accuracy of
classification is relatively high for a single
channel of data.

Figure 3 and Figure 7 show the results
of trying the same technique, but using four
channels simultaneously. These results
have improved considerably.

It is reasonable to expect that even with
this simple technique, the accuracy can be
improved as soon as more channels can be
incorporated into the method. At present,
due to (temporary) equipment limits, only
four of the 18 channels of information are
available to us.

The previous techniques may be best
described as spectral matching techniques.
Figure 4 shows the first attempt usinga
truly automatic pattern recognition technique.
Figure 8 is a larger scale of one area shown
in Figure 4. The method is still relatively
unsophisticated and is as follows: We as-
sume the four channels of data from wheat
are four dimensionally Gaussianly distrib-
uted. For this first attempt we assumed
that the remainder of the data was also
governed by the Gaussian probability law.

The two mean vectors and covariance func-
tions were then determined. Thus, the prob-
ability description of the two classes (wheat
and "everything else') are completely known.
At each sample point the ratio of the two
probability functions was calculated and a
classification was made depending upon wheth-
er this ratio was greater than or less than one,

In addition to making a classification at
each point, the computer was instructed to
keep a running total of the number of points
classified into each class. The total number
of samples classified in this example was
64,240, and of this total 5, 469 were classi-
fied as wheat. By knowing the altitude of the
aircraft the area each sample point represents

may be determined. Therefore, the above
numbers can be converted into wheat acreage
measurement.

From the above, the following observa-
tions and conclusions are noted:

The value of the great flexibility of a
digital approach for research purposes is in-
dicated. The results of Figures 1 through 4
were all obtained within days, and in some
cases, hours of one another.

+ In the problem above, the grossness
of the differences in signatures of the two
classes has permitted success with relative-
ly simple procedures. Future prob‘lemsU
will no doubt require more sophisticated '
techniques. '

* The Purdue Laboratory for Agriéﬁi-
tural Remote Sensing now has the capability
to analyze data collected on a semi-opera-

t;or}a; (lar'g.e §lc,g_}g),.,natu €1 aA
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< Effective data handling and analysis
techniques have been demonstrated to be ade-
quate for at least one task. Generally, the
data handling and analysis techniques either
have been, or are being, improved to the
point of requiring additional refinements in
the data collection system, '

+ Work should proceed toward perféct-

ing these analysis techniques for other class-
ification tasks.,

Overall Objectives of the Program

To determine the degree to which se-
lected major crops of the Corn Belt region,
such as corn and soybeans, can be differen-
tiated on the basis of their multispectral re-
sponse at various times during the growing
season.

-+ To determine the amount of variation
and to identify the major sources of variation
in the multispectral response of selected
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agricultural features such as soil conditions
and major crop species of the Corn Belt re-
gion at various times during the growing
season.

To determine and prescribe methods
for gathering information from the ground
that will allow prediction of multispectral
response characteristics obtained by remote
multispectral sensing techniques.

To achieve these objectives, the research

at Purdue University involves three inter-
related study areas:

1. Biophysical studies in the laboratory
and field, designed to:

+ Learn more about natural variations
in plant and soil reflectance spectra and the
factors which influence variations.

+ Determine optimum portions of spec-
trum for remote sensoring.

+ Determine the optimum time during
the growing season to obtain remote multi-
spectral data with airborne systems.,

2. Remote multispectral sensing stud-
ies, using aircraft flights over selected
agricultural areas near Lafayette, Indiana.
Such aircraft systems can obtain simultan-
eous data on reflectance and emission char-
acteristics of areas flown over in many
spectral bands between 0.32 and 15 microns
wavelength. Such data are currently re-
corded electronically on analog tapes and
later converted to digital form. Data from
this phase of the program are being used to
determine the feasibility of optical-mechani-
cal scanner system surveys to supplement
U. S. Department of Agriculture, Statisti-
cal Reporting Service crop reporting sur-
vey system.

3. The third major study area at Pur-
due University is data handling and pattern
recognition techniques. To study the remote
sensing survey systems, €normous amounts
of data must be processed and analyzed by
extremely specialized techniques. There-
fore, data handling and pattern recognition
problems become a crucial part of a thor-
ough investigation to determine the feasi-
bility and practical applications of the sys-
tem.

Initial efforts in this phase of the re-
search, primarily using multispectral scan-
ner data obtained at three different times
during the growing season, are being direct-
ed toward the following classification tasks,
using various pattern recognition techniques:

* Wheat vs everything else

- Qats vs everything else

« Bare soil vs vegetation vs water

Percentage ground cover in a given
bare soil/vegetated area

Corn vs soybeans
Soybeans vs everything else

+ Alfalfa vs everything else

In conjunction with these efforts, stud-
ies will be carried out to determine which
spectral bands are the most useful for each
task.
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